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AWS does not offer binding price quotes. AWS pricing is publicly available and is subject
to change in accordance with the AWS Customer Agreement available at
http://aws.amazon.com/agreement/. Any pricing information included in this document
is provided only as an estimate of usage charges for AWS services based on certain
information that you have provided. Monthly charges will be based on your actual use of
AWS services, and may vary from the estimates provided.
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Kinesis Agent for Microsoft Windows &E [

{
“Sources”: [
{
“1d”: “PosLog”,
“SourceType”: “DirectorySource”,
“Directory”: “C:¥¥MyService¥¥logs”,
“FileNameFilter”: “*.csv”,
“RecordpParser”: “Delimited”,
“Delimiter”: “,”,
“TimezoneKind”: “local”,
“Headers”: “Recodrd-Date,Record-Time,StoreId,PosId,UUID,ItemId,Num”,
“TimestampField”: “{Date} {Time}”,
“TimestampFormat”: “yyyy/MM/dd HH:mm:ss”,
“InitialPosition”: “Bookmark”




Kinesis Agent for Microsoft Windows &E [

"Sinks": [
{
"Id": "MyKinesisFirehoseSink",
"SinkType": "KinesisFirehose",
"Region": "ap-northeast-1",
"StreamName": "PosLogFirehoseStream",
"Format": "json"

}
]

’1pes": [
{

"Id": "ApplicationLogTotestKinesisFirehoseSink",
"Sourceref": "PosLog",

"SinkrRef": "MyKinesisFirehoseSink"



https://docs.aws.amazon.com/ja_jp/kinesis-agent-windows/latest/userguide/configuring-kinesis-agent-windows.html

Kinesis Agent for Microsoft Windows TCDOHiHl =

Sink&E = CFormatZ=JSONLIC UfE#EER

{"Record-Date":"2021/05/02","Record-
Time":"11:00:00", "Sstorexd":"00001","PosId":"001","UUID":"aaaal234-bb01-cc23-
abcd01234567","ItemId":"1", "Num":”1"}
{"Record-Date":"2021/05/02","Record-
Time":"11:01:00","Storexd":"00001","PosId":"001","UUID":"aaaal234-bb01-cc23-
abcd2345678","ItemId":”2","Num":"2"}
{"Record-Date":"2021/05/02","Record-

Time":"11:02:00","Storexd":"00001", "PosId":"001","UUID":"aaaal234-bb01-cc23-
abcd3456789","1temId":”3", "Num":”3"}
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https://aws.amazon.com/jp/blogs/apn/making-application-failover-seamless-by-failing-over-your-private-virtual-ip-across-availability-zones/
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https://docs.aws.amazon.com/ja_jp/kinesisanalytics/latest/dev/how-it-works-input.html
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{"ItemId":"1","Num":"2"} {“Item1d”:”1”,”Category”:”fruit”}

Kinesis Data Analytics777U4o—=3>dDSQL

CREATE OR REPLACE STREAM "DESTINATION_SQL_STREAM" (
"TtemId" VARCHAR(64),

”Category'" VARCHAR(64)
);

CREATE OR REPLACE PUMP "STREAM_PUMP" AS INSERT INTO "DESTINATION_SQL_STREAM"
SELECT STREAM

s."ItemId"
,S.""Num"
,r."Category"
FROM "SOURCE_SQL_STREAM_001" s
LEFT OUTER JOIN
"REFERENCE_DATA" r ON s."ItemId" = r."ItemId";
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https://youtu.be/xRszN4Tb4uM
https://d1.awsstatic.com/webinars/jp/pdf/services/20210330_AWSBlackBelt2021_AWSGlueStudio.pdf
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https://aws.amazon.com/jp/solutions/implementations/data-lake-solution/
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https://youtu.be/riS_STGzZHI
https://d1.awsstatic.com/webinars/jp/pdf/services/20191001_BlackBelt_LakeFormation_A.pdf

T—HEDNT S




vag it/ N

AWS®DAnNalytics. DBY—EXZ/ER U THRA IR —R T — X (TG E]EE

Analytics ARFURIRFE LT —F TERDDITESRZENMT D Amazon Redshift Data
Sharing

DB 7o L —Ih SEmOEREREGRZE DT T D Amazon Neptune




BUR LT —S TERDATEH ZRHT S

Amazon Redshift Data Sharing

JO>Fa1—Y—
DSRH—
Y—t—J—R

:le:L [ :I/I:°:L [ :IJE:L [ :IJEJ [ J>Ea—b O>Ea—bk J>Ea—b OYEa—b OYEa—k
J—R J—R J—R J—R J—R

r 1
#EFT—HID TSFANR—IT—HD
5xdHiAdy ndriAdy L EEAG

| i

Amazon Redshift Y*— RAML—D

JO71—Y—0OSRI—NEZTAATHET—F%Z. 1>>1—~X—J5XF—h'read onlyT
HBEI D ENTEIEE
F—HDBEN IR, VO IEOEIBEHBINRDER(ICED, tFa1 715 — Q,itﬁ%%iﬁaws

\_/7




Data sharing ®1—X5—X 4l

RRIBESRAO VT« DIVIRD—oO0— Rz, ETIRXNTA -2 RXELLBR— b

PEIRYIITVISRS FUWDIHH DO —o0— heRB <FHAHBEE(IC

B4 X - tEEEmEt

BKC,
'Y X | N A -V XABHICIGUTEZ DO S XD
|

— ETLOSRASY — Y AR—RISRHY
F— Sty NERELANS, T—o0- K%

e e oAk
0000 00000

F—HYLIVRISRY B2 DT —o0— R &ICEREE:

e S5 FMECE L TSI /B
o0




5t LT —Ah SEmOHBERRZEDIHT S

Amazon NeptunelC KBTI S T DVERK

ISRt (C D DIETHAD.,
B O & (C. B
HICETDALY hTBASNSEmE

fah? P
TS |




5t LT —Ah SEmOHBERRZEDIHT S

Amazon NeptunelC KBTI S T DVERK

W] IS AWS Cloud
HTH

%
|—’?¥-Vrfyifi$j
W, o — B

S3 Amazon
(WIERT—4) (Lf@&ﬁj— ) Neptune




Amazon Neptune Advanced Design Pattern
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https://aws.amazon.com/jp/about-aws/events/2020/purpose-built-databases-week-archive/
https://pages.awscloud.com/rs/112-TZM-766/images/Session%205%20-%20Neptune_Advanced_Design_Pattern_rev.pdf
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https://youtu.be/XDTr6U0fcWE
https://d1.awsstatic.com/webinars/jp/pdf/services/20200714_AWS_BlackBelt_AmazonNeptune.pdf
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https://aws.amazon.com/jp/blogs/news/amazon-quicksight-handson-202006/
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https://aws.amazon.com/jp/blogs/news/quicksight-dashboard-analysis-retail/
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https://aws.amazon.com/jp/about-aws/whats-new/2021/05/aws-announces-general-availability-of-amazon-redshift-ml/
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https://youtu.be/RZk0n6CTJGI
https://pages.awscloud.com/rs/112-TZM-766/images/20210325-03_Data-Analytics-SQL-ML.pdf
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https://aws.amazon.com/jp/solutions/implementations/improving-forecast-accuracy-with-machine-learning/
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retail_experiment_2: - —
Domain: RETAIL
Datasets:
- Domain: RETAIL
DatasetType: TARGET_TIME_SERIES
DataFrequency: D
TimestampFormat: yyyy-MMm-dd
Schema:
Attributes:
- AttributeName: item_id
AttributeType: string
- AttributeName: timestamp
AttributeType: timestamp

- AttributeName: demand
AttributeType: float



https://docs.aws.amazon.com/ja_jp/forecast/latest/dg/howitworks-domains-ds-types.html
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Predictor:
AlgorithmArn:
arn:aws:forecast:::algorithm/Deep_AR_Plus
MaxAge: 604800 # one week
PerformHPO: True
ForecastHorizon: 30
FeaturizationConfig:
ForecastFrequency: D
Featurizations:
- AttributeName: price
FeaturizationPipeline:

- FeaturizationMethodName: filling
FeaturizationMethodParameters:
futurefill: median
middlefill: median
backfill: median

CreatePredictor API



https://docs.aws.amazon.com/forecast/latest/dg/API_CreatePredictor.html

CSVFT—49h 555 L PEEDIRRIIFAZT S

FRID®E g ~¥8k T 71 )L%&S3(C)7wv I O0— R~

Forecast:
ForecastTypes:
- "0.10"
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Solution document



https://docs.aws.amazon.com/solutions/latest/improving-forecast-accuracy-with-machine-learning/welcome.html

CSVFT—49h 555 L PEEDIRRIIFAZT S

Amazon Forecast®DsFfllld. T2 AWS Black Belt Online Seminard&#l%=
CEBIEE0)

F—HD%{ TARGET TIME_SERIES
. . I (RETAIL RXA > DIBS)
[AWS Black Belt Online Seminar] A = Y
mazon roreca — —
AmaZOn ForecaSt z r Amazon Forecast @m’

| @F—Sty MIL-TokE

ED TR

M o 2+ —vorn ® FMF O ® FRIDFH i
‘ - FABMORE s@EHEFLENAL. T B

T < PILTU X LOMRIR M gEwRI>ERr>R) 2

S i lt’ SA—SORE FEF3 i

@ BHWCSVI 7 ILORE | | "
nE Wh3d L —=>INRT FRIZAPIEBR TORE., * o

— M @ 5ty FoEk an, EFILSEREND N SP O DR |
i LrTHETECLnTES [N

E ® F— -
i Hﬁ&?nﬁrﬁjs&?ss 3 @ FMF Ol
M e & IRRE 8 (I N

| * RELATED_TIME_SERIES



https://youtu.be/-Bq5f7jFKoE
https://d1.awsstatic.com/webinars/jp/pdf/services/20200128_AWS_BlackBelt_AmazonForecast.pdf
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Amazon Lookout for Metrics
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https://github.com/aws-samples/amazon-lookout-for-metrics-samples
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continuous/20201225/1530/data. jsonl
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Contribution rate of dimension values to the overall impact

Relative impact of the most impacted dimension values

Dimension Value (Sum of dimension values equals 100%)

Marketplace Jp (100%)
Platform Mobile_web (66%) Pc_web (34%)

Is this anomaly relevant? Is this anomaly relevant?

revenue
revenue
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revenue revenue

marketplace platform marketplace platform
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https://aws.amazon.com/jp/premiumsupport/
https://console.aws.amazon.com/support/home
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https://aws.amazon.com/jp/aws-jp-introduction/aws-jp-webinar-hands-on/
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