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« AWS does not offer binding price quotes. AWS pricing is publicly available and is subject to
change in accordance with the AWS Customer Agreement available at
http://aws.amazon.com/agreement/. Any pricing information included in this document is provided
only as an estimate of usage charges for AWS services based on certain information that you
have provided. Monthly charges will be based on your actual use of AWS services, and may vary
from the estimates provided.
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AMmazon Forecast

Amazon Forecast

BT — 5 — [l —— S
Timestamp Demand itemid
2020/01/01 10:00 2 dlient_0 3 IDE AR
2020/01/01 11:00 23 dlient_1 oy vyt
2020/01/01 12:00 0 client 2 g
2020/01/01 13:00 100 client_3 T UZ A
2020/01/01 14:00 75 client 4 Tt T ) 5 o — IR
2020/01/01 15:00 200 client_5 N =
2020/01/01 16:00 6 client 6 €7) b?{a
2020/01/01 17:00 7 client_7 T /LEE1t
2020/01/01 18:00 50 client_8 ETILDORA b
2020/01/01 19:00 60 client 9
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AMmazon Forecast

Amazon Forecast Amazon Forecast Dataset groups util_power_forecastdemo_dsg Dashboard

Dataset groups Dashboard i«

¥ util_power_forecastdemo_dsg Overview
Dashboard

Datasets

Predictors

Forecasts

Forecast lookup

®! 1=
&

Import your data Train a predictor Generate forecasts

Datasets are required to train predictors, which are then Train a predictor, a custom model with underlying Generate forecasts using your trained predictors.
used to generate forecasts. infrastructure that Amazon Forecast trains on your
datasets.

) Lookup forecast
View datasets
View predictors
Create a forecast

Train predictor
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A }_gt W, I\O) b_jffﬁ(:}_g Create dataset group .«
t \\J I\ I{)( /r \/%}:I_.E%g_é Dataset groups are containers for all your datasets.

Dataset group details

Dataset group n

s TtV ARXAI(F. FHITS i
A—RT—ADEE

Aﬁ 0 é:md

o T—HLY MRAAZBCHELR
DTty MIATFERD

_ Retail
This is a pr

Custom

terials and d
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Work force
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F—IDER F—ITY FEAL>

RETAIL BX-> INTEDFETH

INVENTORY_PLANNING RX-1> HISAFT -2 &A1 NUDETHE

EC2 CAPACITY RX-1> Amazon Elastic Compute Cloud (Amazon EC2) DF+7 /=5 DFAI
WORK_FORCE RX-> NES= L]

WEB_TRAFFIC RX-A> DI ST« v IDREED

METRICS RX-1> NESFVFrv>21T70-REDOFRA NI TR

CUSTOM RX-1> T DM IR TOIERSFRDSY A

docs.aws.amazon.com/ja_j



https://docs.aws.amazon.com/ja_jp/forecast/latest/dg/howitworks-domains-ds-types.html

5 — & DR

RETAIL RXA > DigE

TARGET TIME SERIES

item_id *
timestamp *
demand *

location

EmDEARID
A ]
AR5GEY

IRFE =NIIBFR

T—AY MRAAL>

RELATED TIME SERIES

item_id *
timestamp *

price
webpage_hits
stockout_days
inventory_onhand
revenue

in_stock

promotion_applied

EmOEAID
B fid
timestampBF D A
timestampBEDI T I E W
EmOEENRLIRDEFRTDOEE
TE/EEEL

i
EENSDINESH DTS

timestamplF(CTOE—>3 >0
BT EDH

ITEM METADATA

item_id *

category
brand
color

genre

https://docs.aws.amazon.com/ja_jp/forecast/latest/dg/retail-domain.html
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https://docs.aws.amazon.com/ja_jp/forecast/latest/dg/retail-domain.html
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LIZWED
e Ja4—I)LRCEDFHZT D ENTIEE
s AT23a>IARTDT+—)LR(F string B

adWws

\/‘7



S—AD#{E TARGET TIME_SERIES

B (RETAIL RXA > DIFE
 item_id (BE&adID)

. timestamp (&1 LX5 > O ot
« demand (51 ARS > TRDIRGTEN) | |

_ "attributeName": "timestamp”,
e |ocation (,H&JEL;L/EZFE) "attributeType™ "timestamp"

"attributeName": "item_id",
"attributeType": "string"

"attributeName": "location",

"attributeType": "string"
2019-01-01,socks,NYC,25

2019-01-05,socks,SFO,45
2019-02-01,shoes,ORD,10

"attributeName": "demand",
2019-06-01,socks,NYC,100

"attributeType": "float"

2019-06-05,socks,SFO,5
2019-07-01,shoes,ORD,50




S—AD#{E TARGET TIME_SERIES

5] (RETAIL RX1 > DiFE
. item_id (FE&mdID)
« timestamp (F-1 L X5 > ) {
el (Q/rAZQ \/jH%d),ﬁ}i%;yk&) "attributeName": "timestamp",
 |ocation (,H&JEL,L)%FE) "attributeType": "timestamp"

"attributes": [

"attributeName": "item_id",
"attributeType": "string"

"attributeName": "location",

"attributeType": "string"
2019-01-01,socks,NYC,25

2019-01-05,socks,SFO,45

2019-02-01,shoes,ORD, 10 "attributeName": "demand",
2019-06-01,socks,NYC,100 "attributeType": "float"
2019-06-05,socks,SFO,5

2019-07-01,shoes,ORD,50



S—AD#{E TARGET TIME_SERIES

5] (RETAIL RX1 > DiFE
. item_id (FE&mdID)
« timestamp (F-1 L X5 > ) {
el (Q/rAZQ \/jH%d),ﬁ}i%;yk&) "attributeName": "timestamp",
 |ocation (,H&JEL,L)%FE) "attributeType": "timestamp"

"attributes": [

"attributeName": "item_id",
"attributeType": "string"

"attributeName": "location",

"attributeType": "string"
2019-01-01,socks,NYC,25

2019-01-05,socks,SFO,45

2019-02-01,shoes,ORD, 10 "attributeName": "demand",
2019-06-01,socks,NYC,100 "attributeType": "float"
2019-06-05,socks,SFO,5

2019-07-01,shoes,ORD,50



S—AD#{E TARGET TIME_SERIES

5] (RETAIL RX1 > DiFE
. item_id (FE&mdID)
« timestamp (F-1 L X5 > ) {
el (Q/rAZQ \/jH%d),ﬁ}i%;yk&) "attributeName": "timestamp",
 |ocation (,H&JEL,L)%FE) "attributeType": "timestamp"

"attributes": [

"attributeName": "item_id",
"attributeType": "string"

"attributeName": "location",

"attributeType": "string"
2019-01-01,socks,NYC,25

2019-01-05,socks,SF@;

2019-02-01,shoes,ORD, 10 "attributeName": "demand",
2019-06-01,socks,NYC,100 "attributeType": "float"
2019-06-05,socks,SFO,5

2019-07-01,shoes,ORD,50



S—AD#{E TARGET TIME_SERIES

HIALIE (Featurization)
« TARGET_TIME_SERIES D&+, FEDRIICAUREZNMNTDZENTED
o BFfEIfEPRODREIEE
- 1BRBSETCFHITDIIHS. 1EEHEA. FOFGEUSAIEE
- RIB{EDHT
o O1IE&H nan (RIEDEXEX) ZENCENTED

2018-03-03 01:00:00 2018-03-03 01:00:00
2018-03-03 02:20:00 2018-03-03 02:00:00

2018-03-03 02:45:00 2018-03-03 03:00:00

2018-03-03 04:00:00 2018-03-03 04:00:00

https://docs.aws.amazon.com/ja_jp/forecast/latest/dg/howitworks-datasets-groups.html#thowitworks-data-alignment
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https://docs.aws.amazon.com/ja_jp/forecast/latest/dg/howitworks-datasets-groups.html#howitworks-data-alignment

S—4~®D#¥(E RELATED_TIME_SERIES

« TARGET _TIME_SERIES [CEFENTULVRWVERYIFT—4
« EANIVMEDFHI T« —)L K (TARGET _TIME_SERIES&[E L)

o BRARIMEDREFZREERYT—4
- BREFRYIT—4 (T float BEE = (S int BY
LSS NC R =
is_sunny, is_cloudy, is_rainy OBEMREFRYIE U TER T DDZHELE

- RELATED_TIME_SERIES M7 —#%4iE (L. FRIDHEE EEHEDIBEN
»D

https://docs.aws.amazon.com/ja_jp/forecast/latest/dg/related-time-series-datasets.html
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S—4~®D#¥(E RELATED_TIME_SERIES

- TARGET_TIME_SERIES DA + F8Il U e WA DREET — I W E

FRUIZWAARE
2020/01/08 ~
2020/01/14

TARGET_TIME_SERIES
2019/01/01 ~ 2020/01/07

RELATED_TIME_SERIES
2019/01/01 ~ 2020/01/14
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S—%0D#*¥{F RELATED TIME_SERIES

5] (RETAIL RX1 > DiFE
« item_id (FA&mdID)

. timestamp (F-1 LARXZ > ) ¢
. price (ﬁ[%'fﬂﬁ*%) a%ctnbutes |
o promotion_app“ed (jD F—=3>7 50) "attributeName": "timestamp”,

"attributeType": "timestamp"

h
{
"attributeName": "item_id",

2019-01-01,50cks, 10,0 "attributeType": "string"

2019-01-05,s0cks,10,0
2019-01-03,s0cks,15,0

!

}
{

"attributeName": "price",

2019-06-01,s0cks, 10,0 "attributeType": "float"

2019-07-01,socks,50,1

"attributeName": "promotion_applied", :

2019-01-01,shoes, 10,0 "attributeType": "integer"

2019-01-05,shoes, 15,0

2019-07-01,shoes, 10,0




S—ADHEE ITEM METADATA

- WZRIEH item_id ZEO&RA10T 1 —)L REFKAIEE
« INTODIE( string B2

{
5] (RETAIL RX1 > DiFE atrbutes'
° item |d (Pl::ﬁl:lﬁl:ld)|D) "attributeName": "item_id",
— R "attributeType": "string"
- category (BmAI>Y) )
 brand (7‘5/ |\\) Td:(‘:\_ "attributeName": "category",

"attributeType": "string"

}I
{

"attributeName": "brand",
"attributeType": "string"

socks, socks, brandA
socks1,socks, brandB

shoes, shoes, brandC
shoes1, shoes, brandD
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T—SD#EHE T—ItY ~DIFRL

« CreateDataset APl K/Z(F, ¥HR>
A2V =)L ENSTHEE

« BRI —HDIGE(FT—HDIE
B7Z18ET D

¢« AF—NZEKRITD

Create target time series dataset

Dataset details

Dataset name
The name can help you distinguish this dataset from other datasets on your Datasets dashboard.

I- A N I S I I SR A A B B B B .-

I Frequenc
This is the

G —
To hel

"AttributeName": "item_id",
"AttributeType": "string”
1,
{
"AttributeName": "t
"AttributeType": "t
L
{

"AttributeName" :

1

1

-l

) =1
A*Etrlbutes : [ I
1

1

1

1

1

1

d
"AttributeType": "
}
) I
; !
L ——

Cancel Previous |

S —SDIEE

RAF—YDERE

adWs
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T—9DER T—HIDAIK—k

Import target time series data .« ® CSV77’I/)|/0)9’I/AX9 \/j@jﬂ'—
<Y NEIEE
aemerrene o CSVT—AMMENEINTLVS S3 D/ ET
It X9 BcsboO— )L%%‘fﬁ@'%
- CSVI7AIZIBELUCHZS. BET7
)I/@aj'u}baj'La
- S3)\Uvw hOZBIMEE NZHZS(E. /N
TYv FARDINTDOCSVI 71 ILzZ1 >
NR— K9S (82K 10,000 77 )L)
- IBTEH
» s3://bucket-name/example-object.csv
» s3://bucket-name/prefix/
e s3://bucket-name
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° C re ate P re d i Cto r A P I i 7_: (i . 77\ y X \/ I\ Amazon Forecast uses an algorithm to train a predictor on the data in your dataset group.
o — Predictor details
i AVES VA WA ST=1) =

u distinguish this predic

ctor name must have 1 to 63

« FHIHAR] (Forecast Horizon) MDIETE I B
- FHIBERE (Forecast Frequency) MDIETE
« 7)Y XLDIER

« TOMATZa>%=IETE —

Manual
Explo algorithms and

Your forecast frequency is 1

Forecast dimensions - optional
Iten 1 training by defaul

e MNL—T"2TDET
o FHIFOFHI

https://docs.aws.amazon.com/ja_jp/forecast/latest/dg/howit
works-predictor.html

» Advanced configurations

Cancel Train predictor



https://docs.aws.amazon.com/ja_jp/forecast/latest/dg/howitworks-predictor.html

FHFDERR L —=>72

- FRIFEE (Forecast Frequency)
- FHIZETDIT—HDIEE
« 79 (minutes) . KFfE (hour). H (day). 1E (week). A (month).
F (year) h51EIRE]EE
» FHIRAfE (Forecast Horizon)
- FHIZE I BDHfE. A7WY T
« JZ12UL. 500 A5 v JFEJ=(FTARGET _TIME_SERIES —4%t7wv &
DERED 1/3 DINESWVHEEXT

5] : Forecast Frequency %z Hour (C Forecast Horizon Z 168 SiEEUEHE

168/24 hour = 7 HRA5tE CRrEIDSEE TFHI
EAA)

\/‘7



FRFOMER ZIJUXLDEHREME

Prophet

DeepAR+

BElEENBEITs. KRHFRC—mBCERSNSB/AMEt77)LT U X A,
EBRRIICYYES T TESDT -y MIFITERTES.

BHIEE. BHRIFAC—MN (RSN BAEET 7ILT U X A,
tHE>, FEIMZEOT Sty MIRBITERTES.

IS AN ORERS, BEQBANSH> T I TITHIET. FHEDFR
SIDRFRDMEDH7Z TR T D,
WiieB IR )\ A OF — 2 EOIHBEIERTES.

BFRBYIRANA XHEERERIEST )L,
REACOZ2ERNERGE. FEE. EBEATRAICREE DAY MAEDT—
v MIFITERTES.

BRE_—1—-3)L%Y hDJ—2 (RNN) ZFERUE. BETHDFE7ILTYUX L
FH I BFRICERT DT —IORHT —INE<FT Pty MIEENDHE
[CEBNTULS,

HPO (J\1/\=)\SA—HFDFRE{t) ZHR—KLTL\B,



https://docs.aws.amazon.com/ja_jp/forecast/latest/dg/aws-forecast-choosing-recipes.html

FlFDIERR DeepAR+

- BIFEZ1—3)L7RY FJ—2 (RNN) Z{EH UTZEXR5F Rl Tz b DEiE
HDFBTILTUX

- BEERFRYIC, ATTURNFHERS LN TED

FE{EDRA ST SO57 4 X

- BICRFRIEERZANDETD

o FRIEARICIEE(CKREULME (> 400) ZIEE I D EZ T D
- HAfEI7Z(E9(C(E 1o RIbEN S 1 fEfER S Ef T D

« Z<DIFERYIT DeepAR+ EFI)ILEZ ML —Z209 3

https://docs.aws.amazon.com/ja_jp/forecast/latest/dq/aws-forecast-recipe-deeparplus.html

adWws
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https://docs.aws.amazon.com/ja_jp/forecast/latest/dg/aws-forecast-recipe-deeparplus.html

FilllFDERK AutoML

e AutoML (FZ2TOFPILIVXALAZFTHEL. T—F v MCE DV TEERD?
JL1Y X /n%Z Amazon Forecast H'\EE) Ci&EIR

o FHliESNIZRI7ILTYXLDA IO R EFRFOFMR—HSHEZRT
=5

Algorithm metrics info

algorithm /MPTS (Winni

Evaluation type Test window start Test window ¢h armaw
SUMMARY _ _ I Deep_AR_Plu
arn:aws:f st:zalgorithm/Deep_AR_Plus
wQL[0.5] RMSE wQL[0.9] ARIMA
0.5990 12.9328 0.2411 arn:aws:forecast:zalgorithm /ARIMA
Prophet
arn:aws:forecast::algorithm/Prophet
Evaluation type Test window start Test window ETS
COMPUTED Sat, 28 Dec 2019 00:00:00 GMT Mon, 30 Dec 30 2"="= algorithm/ETS
GMT
wQL[0.5] RMSE wQL[0.1]
0.5990 12.9528 waL[o.2] 0.1933
0.2411

adWs
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FBFODVERR  Fill-F D

« Amazon Forecast (. AT —FETFTANT—F1ZY bD2DDFT—SF1ZWY
NCBEEMNIICDEIL. /\WOF I MEFERUTA NI O ZER

ForecastHorizon
start date ———+———  enddate

Training
Testing
Time

BackTestWindowOffset

« ML —Z>7%. Amazon Forecast (&, “FEFIJEHIRRZE (RMSE) &
IHIEDAImIESL (wQuantileLoss) Z51E 9 3
« GetAccuracyMetrics APl XZ(EINVHRZ A Y — )L SHERR

https://docs.aws.amazon.com/ja_jp/forecast/latest/dg/metrics.html
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« Amazon Forecast & (&
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- RlEARR
« EFEH
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CreateForecast

—
TRl AR R

Create a forecast i

Forecast details

Forecast name
The name can help y

QueryForecast H—7AFLAD

—— FHERZ
BB (CHRIS

NARIAT RV -)LE
TOERR

S3 [CTORR—b L2FHERSE - |
S3[CTHURKR—K
CreateForecastExportJob Amazon S3
https://docs.aws.amazon.com/ja_jp/forecast/latest/dg/API_forecastquery QueryForecast.html
https://docs.aws.amazon.com/ja_jp/forecast/latest/dg/API_CreateForecastExportJob.html aws

\/‘7


https://docs.aws.amazon.com/ja_jp/forecast/latest/dg/API_forecastquery_QueryForecast.html
https://docs.aws.amazon.com/ja_jp/forecast/latest/dg/API_CreateForecastExportJob.html

FRIDVER 57 iRlFER DR

o AP| CTOFRFKERDOHERLIINE, YR A2 OV —)L_ED Forecast
lookup SRHEICHEREIDCEETED
s RS DETCODNUAZTIEEITDCENTED

(O Targetvalue #§ P10forecast f P50 forecast fff§ PSO forecast

0
Oct 30 Oct 30 Oct 30 Oct 30 Oct 30 Oct 30 Oct 30 Oct 30 Oct 31 Oct 31 Oct 31 Oct 31 Oct 31 Oct 31 Oct 31 Oct 31

12AM 3AM BAM 9AM 12PM 3PM 6PM 9PM 12AM 3AM 6AM 9AM 12PM 3PM 6PM 9PM




PO TFROYUAIIL
. F—Htzy hEBITA K- B

- FARHOTAFZEEL. FAIZFENRTSD (FAFOBFEEEAE)

F—5EY hOA 2Rk

FEF—5
2019/01/01 ~
2020/01/07

Bm>—4
2020/01/08 ~
2020/01/14

THRFON—Z

- I »
EEE——

TR DAERk

FAIT—5
2020/01/08 ~
2020/01/14

FAIT—5
2020/01/15 ~
2020/01/21
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FRIDERK FRIDY1I)b

- TSty hEEITAR—KTSD
- EFBHDOFHFZIEEL. FHZ/EHRT D (FHFOBES(IAE)
- RELATED TIME_SERIES ZFIHL TL\31E& (4.
RELATED TIME_SERIES D&HN- > iRk— hRENE
- 22U, B3 EEDOHRBICTFHIFOBEZ (InE
28/>—4 Fillz—4 BT —5tY b1 R— b
2019/01/01 ~ 2020/01/08 ~ R DVER:
2020/01/07 2020/01/14
28/>—4 EBm>—4 FlF—4

2019/01/01 ~ 2019/01/08 ~ | 2020/01/15 ~ ’%@ﬂziﬁgt/ ho>A 2= b
2020/01/07 2020/01/14 | 2020/01/21

F857—4 Bem>—4 Bm>—4 FillT—4

2019/01/01 ~ 2019/01/08 ~ | 2019/01/15 ~ | 2020/01/22 ~
2020/01/07 2020/01/14 2020/01/21 2020/01/28

»
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« Amazon Forecast & (&
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« X&EH
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CFa1VUra

- Amazon Key Management Service (KMS) (C K BDIES1L
s PATUTATANR=ADRIZ—(IAM RIS —) DHR— bk
LI

"Version":"2012-10-17",
"Statement":[

"Effect":"Allow",
"Action":[
"forecast:DescribeForecast"”,

]

I
"Resource":"arn:aws:forecast:region: :predictor/

« AWS CloudTrail (C&LBAPITI—)LDESH
« Amazon CloudWatch X cUZO X DY R—

https://docs.aws.amazon.com/ja_jp/forecast/latest/dq/security.html
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Amazon Forecast (&, %/EU;& RESKIUO KL —Z=ZTDHITERULIER
NL—>&. SL—Z>2 (S o RIS U TEREESIND

FHIER 0.60 USD/1,000 forecasts
F—AHAANL—> 0.088 USD/GB
N —Z=> SR 0.24 USD /B[]
ity N J| 22y 28
« Amazon Forecast ZFIARBRSXEDRID 2 v BldE. UATHEHEHENDS

« FHIFL : BH&K 10,000 Forecasts
. AL —> :BAEAX10GB

- NL—Z>785H : AKX 10 KR
aws
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BlEFR

1 5 BOREH

2,00007 1 a%Z50/58 CARSE L CL\BD T —HA T L. BRIEEHDE 71T AT
1H%FaﬂFaEJ|3r‘sﬁ@%;ﬁlJ7& ‘7357‘:&5\ 5GBDT—4Z=FAL. 208FHED ML —=
SOBREIRD D 215 E.

- TR
« 2,000 x 50/ 1,000 x 3 (quantiles) x 0.60 USD = 180 USD
« T—HRAKNL—
« 5GB x0.088 USD =0.44 USD
e ML ——>7JBFR
« 20x0.24 USD =4.80 USD
551X~ =180 USD + 0.44 USD + 4.80 USD = 185.24 USD

https://aws.amazon.com/jp/forecast/pricing/

adWs
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« Amazon Forecast (£. Amazon.com &[EIRRODILTZE FHL)
. BRI RINFT—ADFAZEHE(CITDOICEDTE
DM FE Y —EX

« Amazon Forecast (&. ERIEREFH LTI LA, BX
O AutoML BIRMEESNTULD 28D, B FEE DOEPIA
A< TEB. FHlIEITDS &NV RIEE
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ARR—D

* https://aws.amazon.com/jp/forecast/
REFEIXD MOFI1-MUPIVIREDIY —R

« https://aws.amazon.com/jp/forecast/resources/
H>J)

o https://github.com/aws-samples/amazon-forecast-samples

==t

e https://aws.amazon.com/jp/forecast/customers/

© 2020, Amazon Web Services, Inc. or its Affiliates. All rights reserved.
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[AWS Black Belt Online Seminar]
Amazon Al Service

H—EXHy b2 U—-X

Solutions Architect £&)I| & AWS 237t We ,m,, é&, ,gi,, Sﬁ%
2019/9/24 https;//ar ¢ s mzn.to/P&chiv ,41

Amazon Al Service
AWS Black Belt Online Seminar @ 2019.9.24

aws
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https://www.slideshare.net/AmazonWebServicesJapan/20190924-aws-black-belt-online-seminar-aws-ai-services

Q&A

HEXA TSR OEIERMICDLTIE
AWS Japan Blog [https://aws.amazon.com/jp/blogs/news/] (CC
ZEA=ECEAVESEIR

aws
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https://aws.amazon.com/jp/blogs/news/

AWS DBEAREFBERIDIZR AWS &81] TR

aws BAENF—AnkMNADE YH-t BB - 7rovh - [P

~——7
BE YWUai—-¥3ry H&E PFFaXrbh 2B /N—hkF+— AWS Marketplace 0Ot Q

AWS V57 RY—ERXFRERENY Y

PIVY 9x 7 H—EZ (AWS) RBRELISIRY—ERATSY R 74—ALT. EIRADIAT—/LERREYR— FTRNEBHEH, F—IR—2AZA MY, LT ZTOMZEEES
BEERULET. SEREBAELY—EAERRL. SELSLEFCARAVWEEREY. FhoxFRATALHLEIDAXRERE,. BEI YTy VESHCRHELTED T, (BHr
kiEE, AWS Webinar TERALEERS LAY FIV FESF—EHEEBBLTVET, )

AWS Webinar SR » AWS LB R » RE - UL H—ERBIEE »

https://amzn.to/JPArchive
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AWS Well-Architected BRI MTHHZRS

88" W-AE R iTH S & it
« AWSDY U1—33>7—FF2 MSA)IC
YRk EZIBHK T D EBHIEE

™
80 AWS Well-Architected

o HRAHEIANRS FMSHYA DS oo

y o
B !
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